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Keywords and Definitions

Below is an account of subject-specific concepts that were used during the study.

Artificial Intelligence (AI): Technology that enables machines to perform tasks that
normally require human intelligence, such as reasoning, learning, and decision-making.

Business-to-Business (B2B): Transactions or marketing activities between two
companies rather than between a company and individual consumers.

Business-to-Consumer (B2C): Transactions or marketing activities between a
company and individual consumers.

Customer Lifetime Value (CLV): A metric for the monetary value a customer can
spend on a company over their lifetime.

Generative Al (GenAl): Artificial intelligence that creates text, video, images, and
other types of data.

Machine Learning (ML): Artificial intelligence that automatically enables a machine
or system to learn and improve from experience.

Multinational Enterprise (MNE): A corporation that produces goods or services in
countries other than their home country.

Product Marketing: Marketing strategies that are connected to the product.

The Marketing Mix (4Ps): Product, Place, Price & Promotion. 4 elements that
marketers can control in their marketing.



Sammanfattning

Al:s Roll i Multinationella Foretags Produktmarknadsforing: En Fallstudie om Al
i B2B och B2C Foretag

Syftet med studien dr att undersoka hur multinationella foretag anviander Al for att
forbattra sin produktmarknadsforing. Studien baseras péd en kvalitativ fallstudie av tvd
MNE-foretag: ett B2C-foretag inom premium-modeindustrin och ett B2B-foretag inom
den medicintekniska sektorn. Fallstudien inkluderar intervjuer med anstillda inom
marknadsforingsrelaterade avdelningar samt observationer av interna processer. Som
stod 1 analysen anvidndes begreppen marknadsforingsmixen och customer lifetime value
for att undersoka hur Al stodjer olika delar av produktmarknadsforingen i de tvd
organisationerna. Baserat pa tidigare forskning utvecklade vi en analytisk modell som
belyser de anstilldas respektive organisationens perspektiv pad Al, och hur dessa tva
faktorer samspelar och kan anvéndas for framtida beslut kring Al-strategier. Resultaten
visar att Al framst anvidnds inom MNEs promotionsaktiviteter, séisom innehallsskapande,
copywriting, dversdttning och brainstorming. Generativ Al dr det vanligaste verktyget i
dessa aktiviteter. Vidare visar resultaten att Al anvidnds i B2C e-handel for att
personalisera produktrekommendationer, medan B2B-foretaget utnyttjar generativ Al for
lokalisering av marknadskommunikation. Slutligen visar studien att anvéindningen av Al
1 produktmarknadsforing dr overlag likartad mellan foretagen, med en tydlig skillnad i
synen pa Al-genererat bild- och videomaterial, dar B2B-foretaget dr mer positivt instéllt
an B2C-foretaget.

Nyckelord: Produktmarknadsforing, Artificiell Intelligens, Multinationellt Foretag,
Marknadsforingsmixen, Customer Lifetime Value, B2B & B2C.



Abstract

The Role of AI in MNESs’ Product Marketing: A Case Study on Al in B2B and B2C
MNEs

The purpose of this thesis is to examine how MNEs use Al to improve their product
marketing. The research is based on a qualitative case study of two MNEs, one B2C
company in the premium fashion industry and one B2B company in the medical
technology sector. The case study included interviews with employees in marketing-
related departments and observations of internal processes. To guide the analysis, the
concepts of the marketing mix and customer lifetime value were used as frameworks to
explore how Al supports different aspects of product marketing across both organizations.
Based on previous research, we created an analytical model that emphasizes the employee
and organizational perspectives on Al and how the two factors correlate and can be used
for future decisions regarding Al initiatives and Al strategies. The findings show that Al
is primarily used in MNEs’ promotional activities, such as content creation, copywriting,
translation, and brainstorming. Generative Al is the most frequently used tool for these
tasks. Furthermore, results indicate that Al is applied in B2C e-commerce to personalize
product recommendations, while the B2B company uses generative Al to localize
marketing communication. Finally, the study finds that the overall use of Al in product
marketing is similar across both companies, with one key difference: their views on
Al-generated images and videos. The B2B company expresses a more positive attitude
towards using such content in marketing, whereas the B2C company remains more
cautious.

Keywords: Product Marketing, Artificial Intelligence, Multinational Enterprise, The
Marketing Mix, Customer Lifetime Value, B2B & B2C.
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1. Introduction

Artificial intelligence (AI) has become an essential tool for companies looking to improve
their marketing strategies in today’s increasingly digital world (Labib, 2024). Al
technologies such as machine learning, generative Al, and predictive analytics help
companies analyze vast amounts of data with greater efficiency. Machine learning detects
patterns (Mikalef et al., 2023), generative Al creates new content based on existing data
(Hermann & Puntoni, 2024), and predictive analytics forecasts customer behavior,
enabling automated decision-making and personalized marketing strategies (Peruchini et
al., 2024; Labib, 2024; Grewal, et al. 2024). Despite rapid advancements in Al, notable

knowledge gaps remain regarding its practical applications in marketing.

In addition to the challenges of Al implementation, many multinational enterprises
(MNEs) can struggle in adapting their product marketing strategies to dynamic and
competitive global markets. Developing strong product offerings and aligning them with
the marketing mix (Product, Price, Place, and Promotion) is crucial for maintaining
relevance and achieving long-term success (Lamb et al., 2020). AI has potential to support
efforts by optimizing product development, pricing strategies, distribution planning, and
enabling promotional campaigns (Hermann & Puntoni, 2024). However, the practical use
of Al in enhancing the marketing mix, particularly within product marketing, remains
underexplored. As global markets continue to evolve rapidly, understanding how Al can
be effectively utilized across the marketing mix has become increasingly important for

MNE:s that aim to stay competitive (Hermann & Puntoni, 2024; Li et al., 2024).

1.1 Problem Formulation

Al is developing at a rapid pace and creates great opportunities for companies to be more
efficient and accurate in their product marketing (Feuerriegel et al., 2024). However, the
fast-paced nature of Al development requires companies to keep up with changes, which
calls for more research into how it can be effectively utilized. The current research focuses
primarily on theoretical factors regarding Al in product marketing. Furthermore, there is
still a gap in research regarding the practical implementation of Al, particularly focusing

on MNEs implementation of Al tools.



This study explores the real-world application of Al in product marketing through a case
study of two MNEs: one operating in the B2C fashion industry and the other in the B2B
MedTech sector. The research investigates how Al is applied within each organization,
with a focus on practical challenges, strategic alignment, and employee engagement. By
focusing on practical implementation, this study contributes to bridging the gap between
Al theory and application, offering insights into how MNEs can more effectively utilize

Al in product marketing to strengthen competitiveness.

1.2 Research Purpose

The purpose of this research is to examine how MNESs use Al to improve their product

marketing.

1.3 Research Questions
1. How do MNEs apply Al to enhance the use of marketing instruments in product
marketing?

2. What are the similarities and differences in the use of Al in product marketing

between B2B and B2C MNEs?



2. Literature Review

2.1 Artificial Intelligence

Artificial intelligence refers to the capability of machines and systems to perform tasks
that typically require human intelligence, such as learning, reasoning, planning, and
creativity (Europaparlamentet, n.d.). The system has the ability to correctly interpret
external data, learn from it, and apply that knowledge to flexibly adapt to meet specific
goals (Khan & Mishra, 2024). Artificial intelligence has transformed the marketing
industry and accelerated digital transformation by streamlining processes, driving growth,
and reshaping the business landscape (Labib, 2024). It approaches creating product value,

sales, and customer-focused service (Koldyshev, 2020; Feuerriegel et al., 2024).

One of the fastest-growing forms of artificial intelligence is generative Al (GenAl), a
category of advanced Al models designed to produce new content in a variety of formats,
including text, images, audio, video, code, and synthetic data (Hermann & Puntoni,
2024). These models rely on deep learning techniques that enable them to recognize
patterns in large data sets and use this knowledge to generate new and often highly
personalized results (Hermann & Puntoni, 2024). Businesses are increasingly adopting
generative Al across multiple areas of marketing, including the automated creation of
marketing communication materials to dynamic pricing strategies, customer service
solutions, and data-driven market research and analytics (Hermann & Puntoni, 2024).
One of the key strengths of GenAl lies in its ability to personalize content at scale,
particularly in e-commerce environments. For instance, it can generate tailored sales
messages based on consumers' personality traits rather than relying on generic, one-size-
fits-all messaging (Feuerriegel et al., 2024). Additionally, generative Al can produce
photorealistic images in a creative and efficient manner, saving marketers both time and

money (Feuerriegel et al., 2024).

Another subfield of Al is machine learning (ML), which enables systems to learn and
improve through experience and new information (Mikalef et al., 2023). ML applications
in marketing can be categorized into two major areas. The first includes various
applications and techniques such as recommendation systems, segmentation, prediction
models, and facial recognition (Peruchini et al., 2024). Prediction models include

predictive analytics and regression analytics, which enable decision makers to anticipate
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trends, identify opportunities, and minimize risks, based on data and probability (Labib,
2024; Grewal, et al. 2024). The second category focuses on conversational agents such
as natural language processing, chatbots, voice bots, or voice assistants. Natural language
processing is a technology that can help marketers understand customer personality and
behavior by analyzing texts, enabling effective creation of personalized content (Mikalef

etal., 2023).

Closely related to ML is computer vision, an Al field that enables machines to interpret
and process visual information. In the context of marketing, computer vision can be used
to recognize brand logos, analyze product placements, or even detect facial expressions

in user-generated content (Micu et al., 2021; Anica-Popa et al., 2021).

In addition to Al-driven tools, companies often utilize a broader range of digital resources
in product marketing. These include analytical tools such as SEO platforms, social media
monitoring systems, graphic design software for creating visual content, and customer
relationship management (CRM) systems that store and analyze customer interactions
(Micu et al., 2021). While these tools are not always Al-based, many are increasingly
integrating Al functionalities to enhance their capabilities and provide deeper, real-time

insights (Micu et al., 2021).

With the increase of Al in marketing, the questions of ethics have arisen. Bendel (2023)
discusses some of the ethical concerns regarding Al generated images. Some of those
aspects regard copyrights, ethnicity, and inclusivity as well as the risk of false
representation of messages. It is mentioned that some Al software that are based in the
English language tends to use stereotypical western looking women, with white skin and
long blond hair, in the images while other software has been reported to only show women
in saris (Bendel, 2023). Likewise, Anica-Popa et al. (2021) mention that Al algorithms
tend to work with stereotypes. This has led, for example, that many chatbots look like
white western women. Therefore, does Anica-Popa et al (2021) mention that it should be
a priority to train the Al algorithm to avoid these ethical errors. Al has a more prone role
in both the company and consumers' life and will with time only grow. Moreover, Egan
(2023) says that there is a clear sign that the human factor will always be needed in Al

usage, especially in creating the company’s goals.



In summary, Al plays a critical and expanding role in modern product marketing. It
enables marketers to better understand their customers, deliver more personalized
experiences, and optimize their strategies with greater precision. As Al technology
continues to evolve, its impact on marketing practices is likely to grow, offering new

possibilities for innovation and competitive advantage.

2.2 Multinational Enterprises & Al

Multinational enterprises (MNEs) are companies that operate production or service
facilities across multiple countries, and they play a central role in global economic
development (Fu et al., 2021). Through their activities, MNEs contribute to employment
creation, the diffusion of technology, and the expansion of exports in host countries (Fu
et al., 2021). Forsgren & Yamin (2023) write that MNEs are often seen as superior
organizations with the ability to produce value-creating processes across borders and
maintain a cost-effective approach while coordinating operations across diverse national

contexts.

In recent years, the digital era has reshaped the theoretical and practical dimensions of
how MNEs operate. In particular, the integration of artificial intelligence and advanced
digital tools has become a cornerstone of strategic development (Li et al., 2024).
Al-driven technologies are not only transforming traditional business processes but are
also redefining the balance between labor and capital. Automated systems, including
intelligent robots and algorithmic decision-making tools, are increasingly replacing
routine human tasks, thereby improving operational efficiency and liquidity (Li et al.,

2024).

When examining how MNEs apply Al in specific business contexts, the distinction
between B2B and B2C becomes relevant. In B2B markets, multinational enterprises are
increasingly applying artificial intelligence to strengthen marketing strategies and
improve organizational performance (Mikalef et al., 2023). Al supports decision-making
in complex environments by enabling faster responses to market demands and enhancing
customer satisfaction (Mikalef et al., 2023). Tools like intelligent CRM systems and
predictive analytics allow sales and marketing teams to identify key leads, tailor offerings,

and optimize efforts across regions (Koldyshev, 2020). For globally active firms, these



Al-driven solutions foster consistency while allowing local adaptation, which is essential
for competitiveness in international B2B markets (Mikalef et al., 2023; Koldyshev,
2020).

B2C companies with e-commerce must ensure that their marketing mix is well adapted
for the different consumer groups they have (Huseynov & Yildirim, 2019). Many
e-commerce managers use third-party Al algorithm tools in their product marketing,
especially to promote the products online (Micu et al., 2021). With the often-large product
range in e-commerce, many have applied automation in their product management (Micu
et al., 2021). Al can also be made to create generic customer profiles on whole customer
groups based on demographic factors such as age, location, and gender (Anica-Popa et
al., 2021). This can help companies with their segmentation and targeting. Likewise, can
Al be used on individual consumers to personalize marketing based on buying patterns
(Anica-Popa et al., 2021). Moreover, marketers can more effectively personalize the
content for the consumer with the usage of GenAl and make content tailored for each

customer instead of generic content (Feuerriegel et al., 2024).

2.3 Product Marketing & MNEs

A product refers to something that is brought to market for sales and consumption that
will satisfy a need and/or a want from customers (Kotler et al., 2022). Product marketing
is the strategy regarding the Product element in the marketing mix (Lamb et al., 2020).
This regards the product itself, for example the features, packaging, and quality of it, as
well as the product portfolio management, meaning the amount, and variations of

products (Doole et al., 2022; Lamb et al., 2020).

An essential part of the product marketing strategy is the product innovation and product
launch that follows. Product innovation can lead to increased revenue, competitive
advantages, and make the company fulfill customers’ wants and needs (Doole et al.,
2022). The product life cycle is getting shorter for many products, some even by one
third. This is because of the increase in development of technology and innovation to
compete with other international and local competitors (Doole et al., 2022). With this

comes more frequent product launches that require clear strategies.



Product launches are part of the early-stage marketing strategy and are often costly for
the company (Lamb et al., 2020). The strategy is focusing on building product awareness
and informing customers about the new products and their benefits. Convenience
products can require promotional strategies such as giving out samples or coupons.
Specialty products require educational advertising and for the marketers to provide
informational material and offer personal selling to the customer (Lamb et al., 2020). The
length of the introductory phase of a new product depends on the product and its
characteristics (Lamb et al., 2020).

Following product innovation, it is important for MNEs to have a clear strategy when it
comes to standardization and adaptation to markets. The choice can depend on the
markets they are active in, but it is important for a MNE to ensure the quality must be
standardized in all markets even if local adaptations and innovations may be made
(Fregidou-Malama et al., 2019). Some common reasons for adaptation of products are

cultural, usage, and legal factors (Doole et al., 2022).

Some companies want to adapt their product and value propositions for every market to
satisfy the current demand for the market. However, other companies may want to
standardize the product in the hope that the customers’ needs will change in the longer
run (Doole et al., 2022). Some products do not require any adaptation and can be
standardized for all markets. This means that no changes need to be made to fit the
conditions of each market. Standardization can be cheaper to create, but adaptation can
lead to greater revenue and customer relationships (Doole et al., 2022). Fregidou-Malama
et al. (2019) mentions that MNEs tend to standardize products in emerging markets but
that this is not the most optimal as these markets require adaptation to cultural dimensions

such as femininity/masculinity, power distance, and level of individualism.



3. Theoretical Framework

3.1 The Marketing Mix

The marketing mix, traditionally consisting of the 4Ps (Product, Price, Place, Promotion)
serves as a strategic framework for marketing decisions (Lamb et al., 2020). Marketers
control each part of the mix, and it is essential to make sure the Ps blend well together, to

optimize the result of the marketing (Lamb et al., 2020).

Product refers to the physical product or service as well as packaging, warranties, and
post-sale services that a company offers (Lamb et al., 2020). Generative Al can support
this area by enhancing product development, facilitating idea generation, and enabling

more customized design solutions (Hermann & Puntoni, 2024).

Price is the amount of money a customer has to pay for the product or service that a
company offers (Al-Fadly, 2020). The element includes the choice of pricing strategy
which can vary depending on company, product, and industry (Kotler et al., 2022). It is
important for companies to understand how the cost of a product or service affects price
and profit (Al-Fadly, 2020). The pricing strategy and customer experience are vital to

increase customer satisfaction (Al-Fadly, 2020).

Place encompasses the entire process of taking a product from the manufacturer and
making it available to the consumer, which can include all intermediaries, distributors,
and channels (Kotler et al., 2022). The role of physical stores today is increasingly to
communicate the value of a brand and its products rather than to ensure distribution

(Wichmann et al., 2022).

Promotion is the last P, which refers to strategies that make customers aware of the brand
as well as bring knowledge. This includes advertising, PR, sales, and more (Lamb et al.,
2020). Grewal et al. (2024) mentions that GenAl can be used to influence how marketers
interact and communicate with customers as well as help create and deliver marketing
content. For example, Al-generated voices could be used in advertising, enabling the
manipulation of voice characteristics to achieve marketing goals and ad effectiveness

(Efthymiou et al., 2024).



3.2 Customer Lifetime Value

Customer lifetime value (CLV) is a metric that predicts the total revenue a company can
expect from a single customer over their entire relationship (Yilmaz Benk et al., 2022).
This metric gives a monetary number that helps marketers understand their customers
better based on a long-term economic standpoint (Y1lmaz Benk et al., 2022). It also helps
companies evaluate their current marketing strategies and materials to ensure the actions
resonate with the high-value customers (Zhang et al., 2016). The metric focuses more on
the customer a company has rather than the product they are selling, making sure
customers’ perspective is active in the company’s actions. This information can be useful
for daily work in marketing and in higher level management decision making. By
knowing the CLV, the management can see how the customer base of the company will

be in the future, giving a long-term perspective (Gupta & Lehmann, 2003).

CLV is commonly used in customer relationship management (CRM) (Zhang et al., 2016)
and can also be used by marketers in E-commerce as part of product recommendation
systems (Shih & Liu, 2008). By using the CLV metric, E-commerce can make more

accurate recommendations for customers (Shih & Liu, 2008).

3.3 Analytical Model

We have created our own analytical model (Figure 1) based on previous research to
support the analysis of the collected data and distinguish individual employees’ attitudes
and knowledge from the organization's collective knowledge and established guidelines.
The purpose of the model is to give a better understanding of what strategy the company
needs to implement, such as increasing knowledge on an organizational level or on an

employee's level.



Al Data Collection

Employee Perspective Organisational Perspective

Knowledge and Attitudes and Organisational Al Policies and
Usage of Al Perception Al Knowledge Guidelines

Al Strategy and Initiatives

Figure 1: Analytical model for evaluating Al implementation strategies

Source: Own model

The model starts by collecting data from the organization. When gathered, the data is
sorted into two categories: Employee’s perspective and organization's perspective. The
Employee perspective is the data that surrounds the person and their attitude, opinion,
knowledge, and usage of Al It is important, when implementing Al in organizations, that
employees are educated in the subject and understand the meaning as well as how to use

the tool (Kumar & Mittal, 2024).

The organization's perspective involves the knowledge the company has on a holistic
level and the guidelines about Al usage in work tasks (Kumar & Mittal, 2024). By
integrating Al into the organization, companies can save both money and time, while a

clear strategy of its intended use helps employees feel more trust in adopting Al
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(Holmstrom & Magnusson, 2025; Kumar & Mittal, 2024). This includes educating
employees, creating Al knowledge sharing environments, and building channels for the
employees, that help with communication and collaboration (Holmstrém & Magnusson,
2025; Kumar & Mittal, 2024). Additionally, managers should actively motivate
employees to use Al in daily work tasks to help them with aspects such creativity,

efficiency, and problem solving (Holmstrdom & Magnusson, 2025).

Results given from the model will summarize current states of the Al strategy at
companies. With this, managers will have information to use in decision-making
regarding Al initiatives. The model shows what factors are stopping the company from
implementing AI more and whether the employees need more knowledge to change their
trust, attitude, and/or confidence. In addition, the model can also tell if the company needs
more knowledge at management level or to implement clear guidelines on how Al should

be used.
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4. Methodology

4.1 Case Study

A case study is a qualitative research methodology that involves an in-depth examination
of a person, event or organization for a period of time (Babin, 2019). For this thesis, we
conducted a case study on two MNEs to examine and discuss how MNEs use Al in their
product marketing. The primary source of data was qualitative interviews as well as

observations of the MNEs.

This approach provided a detailed and comprehensive picture of each case. By gathering
information from various departments at the organization, particularly within the
marketing departments, we were able to gain a holistic understanding of how the

strategies and practices were within both cases.

4.1.1 Research Design
We chose a qualitative research design to provide a deeper understanding of the topic.
The companies that we chose for this case study have been separately examined to then

be analyzed and compared to each other to find differences and similarities.

The chosen qualitative research methodologies were interviews and observations. These
methods were chosen to complement each other and give both breadth and depth (Babin,
2019). The choice of a qualitative research design allowed discussions and comparison
of the companies that contributed to answering the research questions. In addition to the
primary data (interviews and observations), we used secondary data in the form of
peer-reviewed scientific articles relevant to the research topic. The foundation for the
methodology and the application was rooted in previous research and theories which

indicated that this case study used a deductive approach.

This case study was built on the respondents’ subjective experiences and personal
reflections, which provided the thesis with valuable perspectives. The subjectivity of the
respondents' answers has contributed to a deeper understanding of the research topic and

has brought further reflection on the topic studied.
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4.1.2 Cases & Selection of Respondents

The two multinational enterprises examined in this study have been referred to as
“Company A” and “Company B”. Company A is a fashion brand operating in the B2C
market. It has over 1,500 employees and operates in more than 80 markets worldwide.
Company B is a medical technology company operating in a B2B market. It has over
10,000 employees and operates in more than 100 markets worldwide. More information

about each case will be presented in section 5. Case Descriptions.

Their differing industries and business models contributed to a broader understanding of
Al applications in product marketing. By including companies from distinct sectors, the
research findings became more comprehensive and provided insights into how Al tools

are adapted to the B2B and B2C companies.

To ensure high validity, respondents were carefully selected in collaboration with
company representatives to identify individuals with relevant roles and insights into
marketing strategies and Al adoption. This meant that we primarily chose people in
departments that have touchpoints with product marketing on a regular basis but also
some that have a more holistic perspective on the topic. More information about each
respondent will be found in 5. Case Descriptions.

To facilitate well-prepared and informed responses, interview questions were provided to

the participants in advance.

Table 1: Information about respondents from Company A and Company B

Respondent Company Area of Responsibility

1A A IT Operations

2A A Brand Strategy & Insights

3A A CRM & Customer Loyalty

4A A Brand Paid Media

S5A A Online Visual Merchandiser

1B B Customer experience Campaigns & Event
2B B Commercial Operations

3B B Social Media Management

4B B Content Management
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5B B Content Marketing Management

6B B Brand Communication

4.1.3 Interviews

The semi-structured interviews were conducted both in person and online, depending on
availability and location constraints. All the interviews were recorded and transcribed
with the explicit approval of all respondents to ensure accuracy in data collection. The
semi-structured format allowed for flexibility, enabling follow-up questions and deeper
exploration of key topics as they emerged during the discussions. This method was
adopted to minimize the risks of misinterpretation and inaccurate results. The interview
guide, which was based on previous research and existing theories, can be found in the

appendix.

4.1.4 Observations

Observation is a systematic process of restructuring information and patterns collected
(Babin, 2019). In addition to observing employees at the companies, personal experiences
were documented. The open observations allowed for asking questions, observing,
listening, and reflecting. Observations of employees were documented through field
notes, allowing a structured reference to actions, individuals, and experiences in
chronological order (Babin, 2019). The observation period extended from February to

May 2025.

4.1.5 Analysis Methodology
The case study was analyzed on different themes. Thematic analysis is a common
methodology for case studies (Babin, 2019). The chosen themes were based on previous
research and theories which were categorized as follows:

e Artificial Intelligence Today

e The Marketing Mix

e Customer Lifetime Value

e Future of Artificial Intelligence
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All the information and data that were collected in the findings were categorized in the
themes above from a holistic perspective and were continuously selected and evaluated

to fit the research questions and purpose.

4.2 Considerations

4.2.1 Credibility Considerations

To ensure the credibility of this study, several measures were taken throughout the
research process. The selection of respondents was carefully conducted in collaboration
with company representatives to ensure that individuals with relevant experience and
insights into product marketing, and the use of Al, were included. In addition, interview
questions were provided in advance to allow participants to prepare well-informed

responses, thereby increasing the reliability of the data collected.

Triangulation was applied by using both interviews and observations, which allowed for
a more comprehensive understanding of Al applications in product marketing. This is
used as a procedure to ensure the research’s trust and credibility (Denzin, 2009). In
addition, the results were cross-referenced with existing literature to ensure consistency
with previous research. Transparency was maintained throughout the study by
documenting the research process in detail, which enabled reproducibility and

strengthened the validity of the results (Denzin, 2009).

4.2.2 Ethical Considerations

Ethical considerations were prioritized to ensure the integrity of the study and the
protection of all participants. Informed consent was obtained from all respondents before
interviews were conducted, ensuring that they were fully aware of the purpose of the
study and how their responses would be used. Both the participants and company names

have been anonymized to protect the confidentiality of the company.

In addition, all data collected has been securely stored and used for academic purposes
only. The study values maintaining a neutral stance in data interpretation and presenting

results objectively to maintain a professional and responsible research methodology.
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4.2.3 Practical Considerations

Several practical factors influenced the conduct of this study. The survey was conducted
through a combination of in-person and online interviews to accommodate respondent
availability. This flexible approach ensured that data collection was efficient while

minimizing disruption to participants’ professional commitments.

One challenge was the varying levels of Al expertise among respondents, which required
interview questions to be designed in a way that allowed for insightful discussion
regardless of technical background. Additionally, differences between the industries of
Company A and Company B require careful consideration when analyzing results to

ensure a fair and relevant comparison.
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5. Case Descriptions

5.1 Introduction of Company A

Company A is an international premium fashion brand that focuses on the consumer
market (B2C). With a presence in over 80 markets, owned retail stores, partners,
wholesales stores, and e-commerce, the company has established itself as a strong brand

in the fashion industry.

Timeless designs combined with confident and aspirational marketing have positioned
the brand as a modern, classic, premium brand. Their brand identity is being a lifestyle
brand more than an apparel brand which is communicated through consistent storytelling,
digital presence, and data-driven insights to effectively engage and target the right
consumer segments. As digitalization and Al are becoming more prominent in the
business landscape, the company is now exploring how to utilize Al technologies to

enhance its operations.

The current product marketing strategy includes premiumization of products and their
portfolio is wide and filled with high quality materials. Each collection builds on the
brand's DNA but reflects current trends in color, fit, and material choice. Core product
categories include shirts, blazers, chinos, and knitwear. Their promotion strategy shows

the lifestyle and effortlessness in the brand's personality.

The product launches follow the standard fashion industry process by launching four
seasonal collections per year: two main collections (Spring/Summer and Fall/Winter) and
two pre-collections (Pre-Fall and Pre-Spring). During a launch, the collection is divided
into months and all products for one month are introduced to the markets at the same
time. Each main collection is backed by campaigns on various channels: social media,
newsletters, physical store events, and the website. The campaigns are based on
storytelling and are connected to the brand’s history, communicating the company’s

heritage.
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5.1.1 Chosen Respondents

The respondents from Company A were chosen through internal communication with
employees. The selection was based on recommendations from various individuals within
the organization, allowing access to those employees with the most relevant expertise and

experience related to the research topic.

Table 2: Information about respondents from Company A

Respondent Area of Responsibility

1A IT Operations

2A Brand Strategy & Insights
3A CRM & Customer Loyalty
4A Brand Paid Media

S5A Online Visual Merchandiser

Respondent 14 works with global IT operations and has been at the company for 2 years.
They work with strategies regarding IT and the implementation of IT solutions. The
respondent works with the implementation of AI within the organization and has held

presentations about Al for employees at the company to educate them about the topic.

Respondent 24 works with brand strategies and analysis of customer insights. They have
been at the company for 14 years with roles within brand, media, and brand strategy.
Their responsibilities include collecting and analyzing customer data and implementing

strategies that will improve customer experience.

Respondent 34 works with customer relationship management and customer loyalty at
the global E-commerce department. They are responsible for the strategies and
implementation regarding customer loyalty to ensure customers become members of the
loyalty program and stay customers at the company. The respondent has been at the

company for a year but has worked within the fashion industry for over 10 years.

Respondent 44 works with global media and they have been at the company for less than
a year and are still getting to know the company’s ways of working. They are responsible
for the strategy and budget regarding paid media. This includes budget distribution,

choice of channels, and choice of material for all three main markets: North, Central, and
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South Europe. They ensure the same message and brand identity is communicated in all

markets.

Respondent 54 works with online visual merchandising in E-commerce. They have been
at the company for 5 years and are working with online sales, products, promotions, and

campaigns. They describe their E-commerce team as a digital sales team.

5.2 Introduction of Company B

Company B is a global B2B enterprise operating within the medical technology industry.
With operations spanning around 40 countries and product distribution in more than 100,
the company serves hospitals, clinics, and life sciences institutions worldwide.
Employing more than 10,000 professionals across continents, Company B plays a crucial
role in supporting healthcare systems through advanced medical technologies designed

to improve clinical outcomes, patient safety, and operational efficiency.

The company’s portfolio includes a wide range of high-quality, mission-critical solutions
used in acute care, surgery, and sterile reprocessing environments. Its innovations
contribute to saving lives and optimizing complex hospital workflows, making it a trusted
partner to both public and private healthcare providers. Through a strong international
presence, strategic collaborations, and continuous investment in research and
development, Company B has established itself as a market-leading MedTech provider.
Its global scale, combined with a commitment to long-term partnerships and technical
excellence, has positioned the company as a key player in shaping the future of healthcare

delivery worldwide.

When preparing for a product launch, Company B follows a structured approach built on
six key areas. First is “Strategic Planning”, which includes developing short- and
long-term marketing communication plans aligned with the company’s strategy and brand
goals. Second is “Content Development”, focusing on customer-centric and market-
adapted materials. Third is “Sales Enablement”, which ensures that the product value,
solutions, and services are clearly communicated to the sales department through tailored
content for each stage of the customer journey. The fourth area, “Marketing Compliance”,

ensures materials are regulatory approved, consistent, and of high quality. Fifth is “Asset
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Activation”, aimed at informing stakeholders via accessible digital platforms. Lastly,
“Analysis” supports continuous improvement using KPIs and insights from regional

teams.

This structured process highlights Company B’s focus on strategic alignment and cross-

functional collaboration in product marketing.

5.2.1 Chosen Respondents

The selection of respondents was conducted in collaboration with the marketing
communications manager at the company, with the aim of ensuring that participants
possessed relevant experience and insight. This approach streamlined the selection
process and increased the likelihood of obtaining data from individuals with a high degree

of relevance to the study’s objectives.

Table 3: Information about respondents from company B

Respondent Area of Responsibility

1B Customer experience Campaigns & Event
2B Commercial Operations

3B Social Media Management

4B Content Management

5B Content Marketing Management

6B Brand Communication

Respondent 1B has worked at the company for 12 years and is responsible for the
implementation of the global customer experience campaigns as well as localization and
adaptation to the regions. Daily tasks include creating campaigns and analyzing

customers through their CRM system.

Respondent 2B works with global commercial operations and has been employed at the
company for 10 years. Their role involves ensuring that both field colleagues and
customers understand the product portfolio and its applications. They provide clinical
advice and guidance to support the effective use of the company's devices in real-world

healthcare settings.
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Respondent 3B serves as the global social media manager and has worked at the company
for 8 years. They are responsible for setting a strategic direction for the company’s social
media channels, evaluating content performance, and supporting digital marketing
campaigns. Their role also includes work with search engine marketing and marketing

analytics.

Respondent 4B is a content manager who has been with the company for 8 years. They
hold a strategic role in the creation of global content, including newsletters, website
material, and social media assets. Additionally, they oversee content across all regions

and provide English master versions for translation and localization by regional teams.

Respondent 5B works with global content marketing and has been employed at the
company for 15 years. They are responsible for developing English-language marketing
materials, which are then distributed to local marketing teams for approval and

adaptation.

Respondent 6B works in brand communication and has been with the company for 3
years. Their main objective is to strengthen brand awareness and brand equity on a global
level. They serve as a consultative partner to internal stakeholders, such as product
managers, by advising on how to shape messaging and communication to align with the

brand’s identity.
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6. Analysis

6.1 The Use and View of Al in Product Marketing

Al knowledge is not the same among all employees. The empirical results show a variation
in limiting knowledge and everyday use when it comes to understanding artificial
intelligence in product marketing. In both companies, some employees show a high level
of engagement with Al tools and regularly use them for content creation, automation or
language-related tasks, while others remain hesitant or unaware of the Al capabilities
available. One of the reasons for marketers to not use Al in their work is the lack of
knowledge and/or the lack of clear guidelines from management on how Al is supposed
to be used at the company. New employees had a harder time implementing Al with
confidence since they felt the information was not clear from the leadership team. The
one thing all employees knew clearly was that it was not allowed to share sensitive data
with Al software outside the concern. This aligns with Kumar & Mittal’s (2024) research
that says that companies must increase Al knowledge in order to increase employees'
confidence in usage of Al. All employees, including those whose knowledge of Al is on
the lower side, are all positive to learn more about Al and to find ways to implement it in

their work.

6.2 Application of Al in The Marketing Mix

The marketing mix, often referred to as the 4Ps (Product, Price, Place and Promotion),
remains a fundamental framework in strategic marketing (Lamb et al., 2020). The
marketing mix plays an important role in planning and executing product launches for

MNEs.

Promotion emerges as the most Al-influenced element of the marketing mix for both B2B
and B2C. The B2B company mentioned that Al is primarily used for content creation,
copywriting, translations and campaign optimization, with the aim of creating brand
awareness and spreading knowledge. This is consistent with what Lamb et al. (2020)
emphasizes, which is that Promotion refers to strategies that make customers aware of the
brand as well as bring knowledge. Generative Al tools, especially ChatGPT and Gemini,
were widely used for brainstorming, rewriting, translating and localizing content in B2Bs,

a use that has increased generally among companies and can be used to generate much
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more than just text and images (Hermann & Puntoni, 2024). They highlighted the use of
Al for localization, as it streamlines the content adaptation process. This is especially
important for those as a B2B company with customers in multiple markets, as these
processes are both time-consuming and costly. Like B2B, B2C saw potential in using Al
for copywriting and translation. The B2C company is currently using a copywriting firm
for most product descriptions but mentioned that they use Al for minor translations in
campaigns. However, one respondent saw challenges with using Al for copywriting in
brand content where they said that these texts and images will always need a human part
involved (Respondent 4A). Both companies emphasized that the marketing output is
always reviewed and adjusted by human marketers, indicating a hybrid human-Al
interaction model. The importance of human review of marketing materials is something

the book Marketing Communications (Egan, 2023) emphasizes.

Product was the second most important element when evaluating marketing materials. In
the B2B company, respondents noted that product managers often focus primarily on the
product and its features, while marketers seek to place more emphasis on the promotional
aspect. They highlighted that Promotion is essential, as the message should consistently
reflect the product’s value rather than just its technical specifications, in order to support
long-term brand positioning and trust. Meanwhile, the B2C company mentioned that the
Product was not as important as the Promotion in their marketing strategy. One said,
“There's thousands of ways to buy a shirt, so there must be a specific value in buying a
shirt... you need to express the value by storytelling and communication that is based on
you knowing your customer.” (Respondent 2A). Doole et al (2022) writes that product
innovation is a keen factor for companies’ growth and competitive advantages, while
Lamb et al (2020) points out the importance for companies to build a strong promotion

strategy.

Product was the most important element for the E-commerce team at the B2C company.
A new Al algorithm has been recently added to E-commerce to personalize the shopping
experience for the customers. The tool creates product recommendations for the customer
based on 2 methods: user infinity (using previous browser and shopping history to create
an average) and machine learning (using customers' previous behavior to predict their
next move). However, one issue mentioned with using Al in this context was the need for

consumers to accept cookies when visiting the website. Without cookies, the Al algorithm
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has no information to base its recommendation on. For these situations, the company must
ensure there’s a plan B with generic products that are recommended. These
recommendations do not vary from market to market. This creates a problem for the
company since, like one respondent said, “a Spanish customer would look for maybe a
short sleeve shirt while as in Nordic, they would still look for a long sleeve shirt because
of the weather or the weather situation” (Respondent 5A). This follows the research of
Shih & Liu (2008) that also showed that the more history you have of a customer's
purchases, the more accurate recommendations you can make. Likewise, does it follow
the research of Peruchini et al. (2024) that also suggests using machine learning in product

recommendations.

Place, in the terms of marketing channels, was considered important by both companies.
Company B asked themselves "How are we going to reach our customers in this rather
chaotic, competitive world?" (Respondent 6B), while they explained the importance of
Place in terms of marketing channel strategy. However, for the B2C company, physical
and online stores played a more pivotal role in their marketing strategy compared to the
B2B company. For B2C, it was important to ensure the places they are in are aligned with
the brand of the company. Place affected where their retail stores should be, which
markets the e-commerce is active, and the choice of wholesale customers that sell the
company’s products. One said, “A4 company must simply be where the segment is”
(Respondent 4A). Company A also mentioned that they had focus stores, which are stores
in attractive places that are important for the company. This aligns with Wichmann et al.
(2022) that says that physical stores are getting more important for companies to
communicate the brand. However, marketing communication channels, such as digital

media, etc., were an important factor for both cases.

Price was seen as the least important factor in the marketing mix strategy for both cases.
For the B2B company, pricing is set locally, leaving it to local teams within the company.
The B2C company mentioned that pricing was not an important factor apart from their
strategy of minimizing the amount of discounted prices and instead pushing full prices

for a longer period of time.

Lack of knowledge and uncertainty of company guidelines about Al was the most common

reason for the limited implementation of Al in the marketing mix. Organizational caution
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around AI technologies and employees’ lack of knowledge made it difficult for
employees to feel comfortable using Al as much as they wanted. Our analytical model
explains this relationship and shows that employees’ knowledge and attitude towards Al,
together with the organization's knowledge and guidelines, shape the company’s Al
strategy. The analytical model can thus help develop companies’ strategies and initiatives
around the topic and shape it in a way that both employees and the organization are
satisfied with. To get the full potential of Al in product marketing, employees must have
a good knowledge of what Al is and how it can be used. One respondent said that “You
need to understand your question in order to understand the answer you’ll get”
(Respondent 2A), emphasizing that you will not get out the full potential of Al without a
good general knowledge.

Overall, the results suggest that the marketing mix remains a relevant and practical
framework, where Al implementation can contribute particularly to Promotion. Future
developments may see a broader integration of Al into all four Ps, but as of now its role

is still evolving primarily in the area of Promotion.

6.3 Customer Lifetime Value and The Potential of Al

Customer lifetime value was more used hands-on by the B2C company. The CLV metric
is used in E-commerce and is calculated frequently for this type of work. However, no
other department uses it in their work according to the respondents. Company B’s
marketers stated that while they do not explicitly use the CLV metric, the concept
underpins their strategic goals. They focus on customer retention through trust-building
content and aim to support upselling and cross-selling by strengthening long-term
relationships. Their communication efforts are seen as key to building “trust capital”
during periods when customers are not actively buying. By showcasing real-world use
cases and individuals who depend on their solutions, they seek to maintain engagement

and influence future purchasing decisions.

CRM systems were commonly used to track customer relationships and improve customer
loyalty. The B2B company used Salesforce where internal Al tools such as Salesforce
Einstein and Marketing Cloud Account Engagement (formerly known as Pardot) were

regularly used. They explained the importance of the CRM system by saying: “We create
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campaigns in our CRM system so we can properly track everything and analyze the data
to monitor the success of all the activities that we have. That's something that comes back
every day” (Respondent 1B). The B2C company also uses the CRM system Salesforce
and the Al tools within the system. In addition to this, E-commerce also uses tools for
logistics and for large data storage, in this case they use Data Lake. By using the internal
Al tools in Salesforce, the company can utilize the CRM system's information to create
predictive analytics, which identify high-value customer segments, anticipate churn, and
tailor engagement strategies accordingly (Peruchini et al., 2024; Labib, 2024; Grewal et
al., 2024).

Customer focus was essential for all respondents in their work, regardless of their
department. The B2B company collects customer feedback to guide campaign
improvements and tries to have one-on-one conversations with customers, especially
during events. While only the B2C company’s E-commerce measures and use the CLV
metric explicitly in their work, other employees in both cases emphasize the importance
of building long-term customer relationships. The idea of CLV is in mind but is not

always calculated.

6.4 The Future of Al in Product Marketing

Authenticity and integration emerged as important aspects of how Al could be used in
corporate communications among MNEs. Although Al can create content quickly and
efficiently, there is concern in both sectors that it can be perceived as impersonal or
generic. When it comes to image generating, the B2B company said, “From a brand
perspective, I'm very passionate about authenticity when we're talking about
photorealistic environments” (Respondent 6B). Likewise, did B2C point out that
consumers, and especially Generation Z, are sensitive and negative to companies that act
inauthentic. One B2C respondent said, “As influencers and social media are becoming
more mainstream in our society, consumers want real and authentic companies...they are
now more sensitive to bullshit than ever before” (Respondent 2A). Hermann & Puntoni
(2024) and Feuerriegel et al. (2024) highlight how authentic and unique expressions are
perceived as more credible and engaging but argue that Al is an effective tool to achieve

this and create customized content.
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Ethical considerations regarding Al generated video and images are affecting the B2B
and B2C companies differently. For the B2C company, it is important that they continue
to use real photos and real models to not be identified as inauthentic, fake, and unethical.
“The authentic and the real will get an upswing in its value (for the customer) and it will
become a status for companies to be real and use real” (Respondent 2A). They also point
out that other companies in the sector have failed to integrate GenAl in their marketing
and have been called out for not acting ethically, often giving an opposite effect to what
the brands had in mind. However, Company B sees the usage of GenAl videos and images
as something more ethical for the B2B sector, if it is clearly communicated that the
content is Al generated if humans are involved. They believed that GenAl could help
create cultural diversity and thus customize marketing materials to different geographic
markets. These concerns can be connected to Bendel (2023) and Anica-Popa et al. (2021)
and their discussion of different ethical dilemmas with AI generated images such as lack

of representation from different cultures and ethnicities.

Implementation of Al is met with optimism from most employees, despite its current
limitations. Interviewees expressed curiosity and interest in exploring Al applications
further, particularly in automation, content personalization, and campaign evaluation.
This forward-looking attitude reflects the broader industry trend identified by Hermann
and Puntoni (2024), where businesses are increasing the implementation and adaptation

of GenAl tools to improve efficiency.

Al’s role in the future may become more and more relevant with time. While Al is
increasingly being used to address operational challenges, such as translations or the need
for rapid localization, its full potential is often limited by internal processes and slow
approval structures, especially when it comes to the B2B company. These findings
suggest that while the capabilities of Al are evolving rapidly, its impact is still shaped by
human and organizational factors (Egan, 2023). Both companies really emphasized that
Al is seen as a tool to enhance human decision-making and not as a replacement. This
view strongly reinforces the theoretical position that Al acts as an augmentation
mechanism rather than a replacement for human creativity or judgment (Egan, 2023). The
statements “Al is not a solution for marketing but rather a tool” (Respondent 2A) and
“It will still be a pilot who lands the plane” (Respondent 2B) exemplifies this mindset,

which was echoed in several interviews across both companies.
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7. Discussion & Implications

7.1 Discussion

The results of this study largely support previous research on AI’s impact on product
marketing and its adoption in multinational enterprises. However, one key deviation
concerns the perception of generative Al in visual content (video and image generation).
While earlier studies such as Feuerriegel et al. (2024) and Hermann & Puntoni (2024)
highlight GenAl as a tool that increases content personalization and efficiency, our

findings suggest a growing skepticism toward the authenticity of Al-generated visuals.

Both B2B and B2C respondents raised concerns that content created by GenAl could
appear too generic, artificial, or even inauthentic. Particularly among younger consumers
in the B2C sector who value transparency and realism in brand communications. This
contrasts with the optimistic view in the literature that Al-generated content inherently
improves relevance and personalization. One possible explanation, based on the study’s
interviews and observations, is that as Al-generated content becomes increasingly
common, its novelty diminishes, and consumers may instead begin to seek out “real” and
human-made content as a new marker of authenticity and trust. This insight adds nuance
to existing research by suggesting that personalization alone is not always perceived as a
strength if it undermines perceived authenticity. For marketers, this signals a need to
carefully balance Al efficiency with brand identity and emotional connection, especially

in consumer-focused industries.

Regarding our analytical model the empirical results confirm its usefulness. The model
effectively highlights how the successful implementation of Al depends on both the
organization's structural preparedness and employees’ individual attitudes and levels of
knowledge. The model has proven to be relevant for this research topic and the results
prove the connection between the employee’s knowledge and attitude and the
organization’s knowledge and guidelines. Unlike much of the literature that treats Al
implementation as primarily a technical or strategic decision, the analytical model
captures the human and cultural dimensions that can either enable or hinder adoption.
Therefore, we argue that the analytical model contributes to the existing body of
knowledge by offering a practical framework that companies can use to most smoothly

integrate with Al
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Given the model’s empirical validation in this study, it may also prove beneficial in
related contexts such as digital transformation, innovation management, or change
leadership — where employee engagement and organizational clarity are equally

important.

7.2 Implications

7.2.1 Theoretical Implications

This study contributes to the growing body of research on Al in marketing by applying
classic and established marketing theories, such as the marketing mix and CLV, to the
context of Al implementation. A key theoretical implication from this thesis is the
development of our tailored analytical model. This model integrated two perspectives on
Al, both the employee-level and organizational-level. The model has proven to be a useful
tool for analyzing the relationship between the two perspectives and how the Al strategies
and implementation at the organization have evolved. The two-level structure allows a
nuanced understanding of how knowledge, attitude, and guidelines interact in practical
settings, making it a valuable model for future theoretical developments. The findings
support existing literature on the limited but growing role of Al in marketing and content
generation, while highlighting a need for further integration of ethical and authenticity-

focused frameworks into future theoretical models.

7.2.2 Managerial Implications

For managers, the findings emphasize the importance of aligning Al strategies with both
organizational capacity and employee knowledge. Effective Al integration requires more
than access to tools, it demands structured training, clear internal policies, and a culture
that supports innovation and experimentation. The proposed analytical model offers a
concrete starting point for identifying organizational gaps and designing targeted
implementation strategies. Furthermore, the results provide actionable insights on how
Al can be effectively applied across the marketing mix, helping decision-makers

understand where and how Al creates the most value.
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7.2.3 Societal Implications

As Al becomes increasingly embedded in marketing practices, this study highlights the
importance of maintaining transparency, inclusion, and ethical responsibility. Al-
generated marketing content must be carefully designed to avoid reinforcing stereotype
es, misleading representations, or breaching consumer trust. Companies must take
proactive steps to ensure that their use of Al respects individual privacy, cultural diversity,
and fairness. These societal considerations will only grow in importance as consumers

become more aware, and more critical, of the technology behind brand communications.
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8. Conclusion

The purpose of this research was to examine how MNEs use Al to enhance their product
marketing. By analyzing two contrasting cases, one in the B2B sector and one in B2C,
we provide new insights into how Al is practically applied across different organizational

contexts and marketing environments.

In response to the research question, “How do MNEs apply Al to enhance the use of
marketing instruments in product marketing? ”, the findings show that Al is most actively
used within Promotion, particularly for tasks such as copywriting, translations and
content generation. Generative Al tools are widely used to increase efficiency and
facilitate content personalization, especially in global marketing contexts where
localization is key. In the B2C company, Al-powered recommendation systems further
enhance the customer journey by tailoring product suggestions. In contrast, the B2B
company emphasizes GenAl for localization and streamlining campaign material for
diverse markets. Additionally, Al-integrated CRM systems are critical for tracking
customer lifetime value (CLV), enabling data-driven decisions for long-term customer

retention.

The second research question, “What are the similarities and differences in the use of Al
in product marketing between B2B and B2C MNEs?”, revealed both shared practices and
sector-specific nuances. Both companies show openness to Al but diverge in their ethical
considerations when it comes to Al-generated visuals. While B2B companies welcome
such content for its scalability and efficiency, B2C firms are more cautious, prioritizing
consumer perception. This distinction reflects how segment expectations differ when

companies target businesses versus consumers.

In conclusion, this study highlights that although Al is already an established tool in
specific marketing activities, especially promotion, its broader strategic integration is still
evolving. For Al to reach its full potential in product marketing, MNEs must not only
adopt the right tools but also invest in internal capacity-building, clear ethical guidelines,
and ongoing employee education. A key insight from this research is that successful Al

adoption is as much a human and organizational challenge as a technological one.
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8.1 Future Research Directions

Future research could benefit from exploring the customer perspective on the use of Al
in product marketing. While this study focused on organizational and employee
perspectives within MNEs, it would be valuable to understand how consumers perceive
Al-generated content and its influence on brand trust, authenticity, and credibility. Focus
could be placed on ethical and moral considerations, such as transparency in Al use, and

consumer acceptance of Al-generated images and text.

In addition, further research could examine the role of Al in specific areas of product
marketing. While this study addressed Al use broadly, future studies could examine in
more depth how Al impacts areas such as content creation, copywriting, product launches,
or pricing strategies. Such research could provide more actionable insights into how Al
tools can be optimized for different marketing functions, and whether certain applications

deliver greater efficiency or customer engagement than others.

Although no modifications to our analytical model are needed at this stage, we suggest
that future research could expand it to include external influences such as industry

standards, competitor behavior, and regulatory pressures.
Lastly, future research could use other methodologies, particularly quantitative methods.

This could complement the qualitative results by offering measurable patterns and

correlations across a larger sample of companies.
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Appendix

A. Operationalization

Theme Question Reference

Can you briefly describe your role and responsibilities | Micu et al,

within the company? 2021
Al What do you know about Al and what are your Khan &
Knowledge experiences with it? Mishra, 2024
The Marketing| From your perspective, which parts of the marketing | Hermann &
Mix mix (Product, Price, Place, Promotion) are most Puntoni, 2024

important in your role? Why? How do you work with

that part of the mix?
Customer How do you or your department currently work with | Yilmaz Benk
Lifetime understanding or improving customer lifetime value |et al., 2022
Value Is it something you think about when planning or

evaluating marketing efforts?
Challenges What are your challenges when you have touchpoints | Koldyshev,
in Product with our product marketing materials? 2020
Marketing
Al in Product |Have you or your department explored or Anica-Popa et
Marketing implemented any digital or Al-driven tools in your al., 2021

work processes?

a. Ifyes: What specific tools or services do you
use, and how do they impact your work?
b. If no: What are the main reasons for not
integrating Al at this stage?

Benefits & What are your thoughts on Al in product marketing? | Anica-Popa et
Challenges Do you see any potential benefits or challenges with | al., 2021
with Al using Al in your specific role or department?
Future of AI | Looking ahead, how do you feel about implementing | Grewal et al.,

Al more in your work, and how do you think it could |2024

affect your role and responsibilities?
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B. Interview Guide

1. Can you briefly describe your role and responsibilities within the company?

2. What do you know about Al and what are your experiences with it?

3. From your perspective, which parts of the marketing mix (Product, Price, Place,
Promotion) are most important in your role? Why? How do you work with that
part of the mix?

4. How do you or your department currently work with understanding or
improving customer lifetime value? Is it something you think about when
planning or evaluating marketing efforts?

5. What are your challenges when you have touchpoints with our product
marketing materials?

6. Have you or your department explored or implemented any digital or Al-driven
tools in your work processes?

a. Ifyes: What specific tools or services do you use, and how do they
impact your work?
b. If no: What are the main reasons for not integrating Al at this stage?

7. What are your thoughts on Al in product marketing? Do you see any potential
benefits or challenges with using Al in your specific role or department?

8. Looking ahead, how do you feel about implementing Al more in your work, and

how do you think it could affect your role and responsibilities?

38



